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ABSTRACT

Skin cancer is type of cancer that grows in the skin tissue, which can damage to the surrounding tissue,
can cause disability and even death. Skin cancer is essential health jeopardy that requires early detection
intended effectual treatment. It impacts a vast population globally, necessitating timely and accurate
diagnosis for effective treatment. Proposed work introduces an pioneering approach to computerized skin
cancer detection through the integration of sophisticated machine learning technique into a Flask web
application. The CNN premeditated to analyze skin images & classify them into specific cancer categories
proficiently. The Flask web application, a user-friendly interface that allows individuals to easily upload
images of their skin conditions and also offers the capability toward exploit webcam intended live image
uploads. Through combine sophisticated machine learning technique with user-centric web application,
represents a significant step towards making skin cancer identification more accessible and accurate,
potentially improving healthcare outcomes. Model achieves an accuracy of 90.73%. As result, study
shows a significant outcome of using CNN replica in detect skin cancer.

Keywords: Skin Cancer, CNN, Python.

I. INTRODUCTION

Automated and computerized systems have become crucial in modern disease diagnosis. An effective technique
intended detect skin cancer through dermoscopic images involves analyzing statistical distinctiveness of
pigment network. These extracted distinctiveness from dermoscopic images serve as reliable indicators for
identifying cancer[1].The rapidly increasing occurrence of malignancy, convenient be pressing need intended
decision support systems to detect it in its early stages, enabling better treatment outcomes. Though, embryonic
these systems remain exigent task intended researchers. Over precedent two decades, several CAD systems
contain be anticipated to improve accuracy of melanoma detection [2] .Non-invasive medical computer vision
and medical image dispensation be flattering progressively more important in clinical diagnosis of various
diseases. These techniques offer computerized image analysis tools intended quick & accurate lesion evaluation.
This study involves several steps: collecting a dermoscopy image database, preprocessing the images,
segmenting them using thresholding, and extracting statistical features using the Gray Level Co-occurrence
Matrix (GLCM) along with Asymmetry, Border, Color, and Diameter (ABCD) criteria[3].System intended
detecting melanoma skin cancer has been developed by MED-NODE dataset of digital images. Initially,
preprocessing is performed to remove various artifacts present in the raw images from the dataset. The Active
Contour segmentation method is then used to extract the region of interest[4].Realistic skin phantoms are
invaluable for testing the feasibility of new technologies and enhancing design concepts intended millimetre-
wave pelt cancer detection method. These phantoms simulate normal & malignant skin tissues using specific
mixtures of deionized irrigate, lubricate, gelatine powder, formaldehyde, TX-150, & detergent [5].

1.1 PROJECT DESCRIPTION

Skin cancers represent noteworthy global health anxiety, affecting millions of people across world. Timely &
accurate diagnosis essential intended effective treatment, but access to dermatological expertise can be limited,
leading to delays and misdiagnoses. As a solution to this challenge, we present an innovative project that
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leverages complex machine learning technique, exclusively CNNs, integrated into a user-friendly Flask web
application. This project aims to democratize the process of skin cancer identification, making it more
accessible, efficient, and accurate for individuals seeking dermatological guidance.In this project, we are
classifying 9 types of skin cancer and healthy skin. types of skin circumstances to be classified be Actinic
keratosis, Basal cell carcinoma, Dermato fibroma, Melonoma, Nevus, Pigmented benign keratosis, Squamous
sect carcinoma, Vascular lesion. Skin cancer encompass a wide spectrum of conditions, from common
afflictions like acne and psoriasis to more severe disorders such as melanoma and eczema. Accurate
identification and timely intervention are pivotal for managing these conditions and preventing potential
complications. However, the scarcity of dermatological services in some regions, extended waiting epoch
intended whereabouts, & the limited availability of expert opinion canister lead to undue suffering and
suboptimal care. Our project addresses these challenges through enlargement of comprehensive &
miscellaneous dataset of skin images. This dataset is meticulously curated, with precise annotations and labels
covering extensive gamut of skin conditions. It serves as foundation intended training our state-of-the-art CNN
model, which can swiftly and accurately analyze skin images & pigeonhole them addicted to distinct cancer
group. deep learning capabilities of CNN are harnessed to capture intricate patterns and features within the
images, allowing for precise diagnostic outcomes. The heart of the project lies in the application of advanced
machine learning technigque to domain of dermatology. CNN sculpt, chosen intended its ability to excel in image
classification tasks, is pre-trained on vast datasets to capture general features. Fine-tuning the model on our
specific skin cancer dataset enhances its performance and enables it to distinguish subtle nuances among various
skin conditions. To ensure the model's adaptability to real-world scenarios, we employ data augmentation and
rigorous preprocessing techniques. These steps mitigate the impact of variations in lighting, image quality, and
angle of capture, making the model robust to diverse imaging conditions. As consequence, it can offer consistent
and reliable diagnoses. We have developed a Flask web application that provides an intuitive and accessible
platform for individuals to seek skin cancer diagnostics. Users can effortlessly upload images of their skin
conditions and receive rapid, reliable assessments. This web application represents a crucial bridge between
cutting-edge machine learning and end-users who may lack specialized medical knowledge but require accurate
and accessible healthcare services. Transparency & interpretability of model's decisions are vital aspects of our
project. We have implemented mechanisms to explain the rationale behind each diagnosis, making the process
comprehensible and trustworthy for users.

1.1.1 PROBLEM STATEMENT

Diagnosis of skin cancer poses substantial challenge in healthcare. Many individuals face barriers to accessing
timely and accurate dermatological expertise due to limited availability of specialists and long waiting times.
Misdiagnoses and delays in treatment can lead to unnecessary suffering and complications. This project
addresses the unmet need for accessible and efficient skin cancer identification, emphasizing consequence of
democratizing healthcare through advanced machine learning. Our aspire is to provide user-friendly platform for
reliable skin cancer verdict, overcoming the existing limitations and barriers in meadow of dermatology.

1.1.2 OBJECTIVES

e To develop highly accurate CNN Model.
e To create user gracious web application intended enhancing, accessibility, efficiency, in health care.
e Towiden sculpt that effectively classifies skin cancer.

1.1.3 SCOPE OF PROJECT

Project aims to widen an innovative system intended automated skin cancer recognition using sophisticated
machine learning technique integrated into comprehensible web application. The scope encompasses creating a
robust and diverse dataset, training a state-of-the-art CNNs model, & deploying it within a Flask web
application. The project's focus includes user accessibility, interpretability of results, and options for user
feedback and expert consultation. Regulatory compliance, ethical considerations, and continuous learning are
central to the scope, ensuring the system's safety, transparency, and adaptability to evolving dermatological
knowledge. The project's ultimate goal is to provide accessible, efficient, & precise skin cancer recognition,
with potential to progress healthcare outcomes intended individuals universal.

1.1.4 METHODOLOGY
1)Dataset Collection:

Curate comprehensive dataset of dermatological metaphors representing various skin conditions. Include diverse
sources to ensure a representative and inclusive dataset.
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2)Preprocessing and Augmentation:

Apply preprocessing techniques to standardize and clean the dataset. Augment the dataset to increase variability
and enhance the model's performance.

3)Algorithm Selection:

Choose advanced machine learning algorithm, exclusively CNNs intended their efficacy in image classification
tasks.

4)Model Development:

Design and develop a CNN-based model architecture for skin cancer identification. Configure the layers,
activations, and other parameters to optimize performance.

5)Training the Model:

Train the model on the curated and augmented dataset. Utilize a portion of the dataset for training and reserve
another portion for validation to assess model generalization.

6)Evaluation and Validation:

Conduct extensive experiments to evaluate model's recital. Compare results with existing methods to
authenticate effectiveness of proposed approach.

7)Flask Web Application:

Develop a user-friendly web application using Flask to enhance accessibility. Ensure application provides an
intuitive interface for both healthcare practitioners and patients.

8)Prediction and Insights:

Implement the system to predict skin cancerfrom input images. Additionally, integrate features toward afford
insight into causes of cancer, suggest appropriate treatments, and offer probability estimations.

9)Performance Optimization:

Fine-tune the model and optimize hyperparameters intended improved accuracy & efficiency. Address
whichever issue recognized during evaluation phase.

I1.LITERATURE SURVEY

Agung W. Setiawan et al. [6] introduced a model that emphasizes the impact of color enhancement for early
skin cancer detection. They employed advanced image processing techniques in conjunction with CNN
algorithm. This approach resulted in an impressive accuracy rate of 81.5%, demonstrating the model's
effectiveness in early detection.

Runyuan Zhang [7] developed an innovative melanoma detection mold to leverages deep learning capability &
pre-trained EfficientNet CNN. model exhibited high accuracy of 91.7%, showcasing its potential in accurately
identifying melanoma. This model underscores power of combining deep learning with efficient neural network
architectures.

Noel B. Linsangan et al. [8] proposed unique approach toward skin cancer recognition by analyze geometric
property of skin lesion. Using image segmentation processes and the k-Nearest Neighbors (k-NN) algorithm,
they achieved an accuracy of 90.0%. This method highlights significance of geometric analysis in improving
diagnostic precision.

Nazia Hameed et al. [9] presented a comprehensive model for classifying multiple types of skin diseases. By
employ deep CNN & Support Vector Machines, model reached an exactness of 86.21%. This dual-algorithm
approach enhances the model's capability to discriminate flanked by various skin conditions effectively.

Pradeep Kumar Mallick et al. [10] developed a model that integrates an consideration mechanism to improve
accurateness of skin cancer diagnosis. Utilizing sophisticated image processing techniques & CNN, their mold
achieved an accurateness of 81%. This integration highlights the role of attention mechanisms in enhancing
diagnostic performance.
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2.1EXISTING AND PROPOSED SYSTEM
2.1.1  EXISTING SYSTEM

The traditional system of project relies on Support Vector Machine (SVM) algorithm intended skin cancer
identification. While SVM is effective for classification tasks, it has certain limitations. SVM may struggle with
complex and non-linear relationships within dermatological images, potentially leading to less accurate
predictions. Additionally, SVM's performance is highly dependent on appropriate feature engineering, and it
may require fine-tuning of hyperparameters for optimal results. Despite its drawbacks, the traditional system
using SVM provides a baseline for our project, allowing us to assess its strengths and weaknesses in skin cancer
identification without the complexities introduced by advanced deep learning methods.

Disadvantages:

. Struggles with complex relationships in images.

. Relies on manual feature engineering.

. Requires precise tuning, time-consuming.

. might have lower accurateness than deep learning methods.

212 PROPOSED SYSTEM

The proposed system employs an advanced approach, utilizing CNN intended precise identification of skin
cancers. Enhanced accessibility is achieved through a Flask web application, ensuring a user-friendly interface
catering to healthcare practitioners and patients alike. Moving beyond the prediction of cancer from
dermatological images, the system delves into the underlying causes of the cancer and recommends appropriate
treatment options. Furthermore, it provides a probability estimation for the predicted cancer, furnishing valuable
information for medical decision-making.

Advantages:

. Utilizes CNNs for accurate cancer identification.

. Improves access via a user-friendly web app.

. Provides detailed cause insights and treatment suggestions.

. Aims to modernize skin cancer diagnosis with automation and detailed information

2.2 FEASIBILITY STUDY

A feasibility study is comprehensive appraisal of practicality & latent achievement of proposed project, venture,
or initiative. It aims to assess whether the project is technically, economically, and operationally viable. The
study assistances backers make learnt verdicts by analyzing the various aspects of venture and identifying latent
risks, benefits, and challenges. Here's a breakdown of the key components of a feasibility study:

1)Technical Feasibility: This aspect focuses on whether the project can be developed using available
technology, resources, and expertise. It considers factors like the project's complexity, required skills, and
technical challenges.

2)Operational Feasibility: This aspect evaluates whether the project can be integrated smoothly into existing
operations and systems. It looks at factors like the availability of resources, human resources, and any latent
disruptions to ongoing operations.

3)Economical Feasibility: This assesses the financial viability of the project. It includes estimating the initial
investment required, projected costs, latent revenue, and profitability. Financial feasibility also considers factors
like payback period, return on investment (ROI), and cash flow analysis.
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4)Market Feasibility: This involves analyzing the demand and latent market for the project's products or
services. It assesses factors such as target audience, competition, market trends, and growth latent.

5)Legal and Regulatory Feasibility: This involves examining whether the plan conforms with related decrees,
regulations, and standards. It identifies any legal obstacles or requirements that prerequisite to be lectured.

6)Environmental and Social Feasibility: This aspect considers the environmental impact and social
implications of the project. It assesses whether the project aligns with sustainable practices and community
expectations.

7)Risk Analysis: Identifies latent risks and uncertainties that could impact the project's success. This comprises
peripheral aspects such as market shifts, technological changes, and internal factors like project management
challenges.

8)Resource Availability: Evaluates the availability of necessary resources, including manpower, materials,
facilities, and technology, to carry out the project.

2.3 TOOLS AND TECHNOLOGIES USED

Python Implementation: Understanding Scripts and Programs

In Python, a script is a text file comprising sentences that execute Python program. Unlike interactive
programming, where you write and execute commands line by line, scripting allows you to save and reuse code
efficiently. You can complete the script multiple times without rewriting it each time.

solitary of recompences of using scripts is to they are reusable. After you form a script, you canister do it many
times and save your energy while coding.

In addition, the text can be edited; this revenue you can is custom text to change wording in the document to
form different kinds of the text. This change allows you to customize the program to your specific needs or
experiment with changes while reducing device cost.

You can use existing text when creating Python files. Examples include MS Notepad,

MS WordPad, MS Word, or several word processor that leases you save documents for free. This library
provides an easy place to write and modify Python scripts.

It is crucial to comprehend the difference between scripts and programs. While both be worn as verbs, there is
a difference between their nature and usage. The text is usually separated by the application code number and
is often written in different languages. It is usually identified by bytecode.

Basically a Python libretto is text file comprising customary of statements that create an executable. They
allow a great deal of code manipulation and customization, providing reusability and editability. A text editor
such as Microsoft Notepad or Word the ability to createanded it Python scripts. Knowing the difference
between scripts and programs helps clarify their use and purpose in software development.

In standings of functionality, scripts and programs have distinct characteristics. Script are

Often worn intended specific tasks or automation purposes, providing a more flexible and user-friendly
approach. They can interrelate by supplementary software components, system resources, or data sources to
perform specialized operations. On the other hand, programs typically encompass a broader scope, consisting
of multiple modules or files that exertion organized to create a comprehensive software solution. Programs
often require compilation into machine code, which enhances their performance and effectiveness.

Algorithm : Convolutional Neural Network (CNN)
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Figurel.The Architecture of CNN
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Convolutional Neural Network (CNN) is an advanced form of the Multilayer Perceptron (MLP), specifically
designed for handling two-dimensional data. As subset of Deep Neural network, CNNs are distinguished by
their deep network architecture & are widely utilized in image data application. Similar to general neural
network, CNN neurons have weights, biases, and activation functions. Architecture of CNN, comprises
convolution layer by ReL.U establishment, pooling layer anticipated feature mining, & fully connected layer
with softmax activation intended classification.

Convolution Layer

Convolution process is cornerstone of CNNs, occurring in Convolution layer, initial layer that processes the
input image. This layer employs filter to extort features commencing input image, resulting in feature map.
Figure 3 illustrate this convolution process.

L1 g ) i ) ap 1) oy S
:
'
'
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4 x 4 Pixel Size 2 x 2 Filter Size Feature Map

Figure2. lllustration of the convolution process

Activation Rel-U

ReLU (Rectified Linear Unit) is an establishment function worn in CNNs to enhance training phase of neural
networks by minimizing errors. ReLU establishment function sets all pixel values to nought if pixel value is
less than zero:

(x)={,x>0

0,x<0

Pooling layers in CNNs are typically added at regular intervals after several convolution layer. These layer
offer significant advantages, such as progressively reducing the size of output volume from the feature map,
which helps control overfitting. pool layer can decrease data using max-pooling or mean-pooling. Max-pooling
selects the maximum value within a region, while mean-pooling calculates the average value. Figure 3
provides an illustration of the pooling process using a four-by-four pixel input image.

Max
Pooling 6
—_—
12 8
Mean
Pooling

Figure3. Pooling Process Illustration

Fully Connected Layer
The Fully Connected Layer, located at end of multi-layer perceptron architecture, connects all neurons
from previous activation layer. At this stage, all neurons from input layer are malformed into
unsophisticated data through flattening procedure. Finally, the softmax activation function, an extension
of logistic regression, is used to classify multiple classes.

2.4 HARDWARE AND SOFTWARE REQUIREMENTS
241 HARDWARE REQUIREMENTS

Tablel. Hardware Requirement

1 Processor Intel Core i3 or above

2 Processor Speed 2.10 GHz

3 RAM 4GB or above

4 Hard Disk 256GB SSD or 500 GB HHD
5 Monitor 16.5 inch
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Keyboard Standard keyboard QWERTY (108 keys)
Mouse Option Mouse

2.4.2 SOFTWARE REQUIREMENTS

Table2. Software Requirement

1 0S Windows 10 or higher

2 Backend Programming Language Python

3 Frontend Programming Languages HTML, CSS, JavaScript
4 Web Framework Flask

5 IDE Visual Studio Code

6 Dataset Skin cancer dataset

111.SOFTWARE REQUIREMENT SPECIFICATION
3.1 Functional Requirements
Input:
The system must accurately identify Skin cancer from user-uploaded images using the CNN algorithm.
Process:

It should process and analyze images to classify them into Skin cancer categories. Application must provide
comprehensive information about type of skin cancer, including cause, accuracy and treatment.

Output:

Users should be able to upload image and capture image through webcam , view classification results, and.
Additionally, the system should include functionality for dataset management.

3.2 Non-Functional Requirements
Performance:

The system must ensure high performance and reliability, with minimal latency in image processing and result
retrieval. It should have a user-friendly interface, providing an intuitive experience for all types of users

Security:

Security is crucial the system must protect user data and ensure secure image uploads and storage

Scalability:

Salability is also important to handle increasing numbers of users and expanding datasets.
IV.SYSTEM DESIGN

4.1 SYSTEM PERSPECTIVE
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Figure4. Methodology for Skin Cancer

Figured presents the skin cancer detection system. It starts among contribution representation, frequently
dermatological image display skin lesion commencing Kaggle dataset. Preliminary preprocessing errands, like
image resizing and enhancement, improve data superiority. Characteristic extractions identify visual attributes
such as textures & shape. These features are subsequently analyzed by CNN model, enabling precise cancer
classification & early detection intended enhanced unwearied outcome. Kaggle dataset enriches model's
preparation, making it authoritative instrument intended dermatological diagnosis across various skin
conditions.

V.DETAILED DESIGN

5.1USECASE DIAGRAM

Skin Disease
Dataset

Model User

Predict Skin
Disease fype

Figure5.Use-case for users interacts with Structure & designates

Figure5 is the simplest form, a use case plan is depiction of how users interact with structure & designates a
particular use case. A use case plan can describe diverse actors of structure & diverse conduct they intermingle
with system. This type of chart is often used in reference books and often supplementary type of charts.

VI. IMPLEMENTATION
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6.1 SCREENSHOTS

1. Home Page
Skin Cancer Detect Using CNN

Home

Best Skincare
" Routine for

- Al | I =0 () 1

Figure6.Home Page

Above figure represents main Home page of the Project, where we can see different sub-pages, by
using these sub-pages we identify the skin cancer type.

2. User Registration Page
Skin Cancer Detect Using CNN

Register

®
@
z
=3

Username

Email

Password

Figure7.Register Page

The above figure represents the Registeration page, where the new user have to Register by filling the
name, Email, and Password. After completion of this step the user is able to access the features of the

project.

3. Login Page
Skin Cancer Detect Using CNN

Register

LOGIN

Username

o
g
g
S

Figure8. Login Page
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The above figure represents the Login page, here the user need to login by their username and
password , if username/password is erroneous then you are not capable to login.

4, Prediction from data set
Skin Cancer Detect Using CNN

Home

Upload Skin Image

Choose File | No file chosen

Figure9(a). Prediction Button

The above figure represents the Prediction button where we have to choose a skin image from available
data set and click the predict button to get result.

Prediction: Nevus

Cause: Benign mole or birthmark

Accuracy: 98.90%

Treatment :Typically benign and may not require treatment, but should be monitored for changes

Figure9(b). Prediction Result

The above figure represents the Prediction result, where we get the result & come to know that which
type of skin cancer it is and its Cause, Accuracy, Treatment for it.

5. Live Capturing (using web-cam)

Upload Skin Image

Figurel0(a). Live Capturing
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The above figure represents live Capturing, where we can capture the image of particular area skin ,
and then need to click the predict button.

Prediction: Healthy

Cause: Healthy skin

Accuracy: 41.91%

Treatment: No specific treatment required; maintain good skin care

Figure10(b). Live Result

The above figure represents live result , after uploading the image(live-mode) we get which type of
skin cancer, cause, accuracy & treatment for it.

6. Result Analysis
Skin Cancer Detect Using CNN

Home

ACCURACY GRAPH AND LOSS GRAPH

Tamning and Valdation Accuracy

Training and Validation Loss

THE ACCURACY OF THE MODEL IS 90.73%

Figurell. Result Analysis

The above figure represents Result Analysis, where we get overall accuracy of model (training and validation
accuracy , Training and validation loss).

VII. SOFTWARE TESTING

7.1 TESTING STRATEGIES

Testing tactics are essential to ensure the reliability, functionality, and performance of package system. The
anticipated scheme employs a multi-faceted testing strategy to comprehensively evaluate all components and
their interactions. The strategy includes both manual and automated testing methods. Manual testing involves
exploratory testing, where testers interrelate with structure to identify unexpected behavior or usability issues.
Automated testing, on the other hand, involves writing scripts to automatically execute test cases, ensuring that
the system behaves as expected under various conditions. The testing tactic also includes regression testing,
which certifies that novel code deviations do not badly disturb prevailing functionality.

7.2 LEVELS OF TESTING

Software testing is conducted at multiple levels to certify that individually factor &whole scheme work as
intended. These points of testing help identify and rectify issues at different stages of development, ensuring a
thorough evaluation of the software.

7.2.1 UNIT TESTING

Unit testing focuses on verifying the functionality of individual components or items of software, such as
functions or methods. This level of testing is typically performed by developers during the coding phase. Unit
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tests are designed to certify that each module accomplishes its envisioned function correctly and handles edge
cases gracefully. By isolating each unit, developers can quickly identify and fix defects, leading to more robust
code. In the setting of the proposed system, unit testing would involve validating the accuracy of sentiment
analysis functions, the performance of machine learning algorithms, and the correct handling of user inputs.
Automated unit testing frameworks, such as pytest for Python, are used to streamline this process, allowing for
efficient and repeatable testing.

7.2.2 INTEGRATION TESTING

Integration testing scrutinizes the interactions between integrated units to certify that they exertion organized as
expected. This level of testing detects issues that might ascend when individual components are combined, such
as data mismatches or interface errors. In the proposed system, integration testing involves verifying the correct
interaction between the sentiment analysis module, machine learning models, and the web application. For
example, it tests whether the system correctly processes user inputs, performs sentiment analysis, and returns
accurate predictions. Integration tests also check the communication between the front-end and back-end
components, ensuring seamless data flow and functionality.

7.2.3 SYSTEM TESTING

System testing evaluates ample & unified software structure to certify it encounters the specified requirements.
This level of testing comprises difficult scheme as entire, rather than individual components. It includes
purposeful testing to authenticate that all features work as intended& non-functional testing to assess recital,
sanctuary, &serviceability. In the proposed system, system testing would involve set-ups where users
intermingle with the web application to input data, select algorithms, and view predictions. The testing would
ensure that the system handles various use cases, performs efficiently under load, and maintains security
standards. System testing helps validate the overall behaviour of the package and ensures it distributes probable
outcomes.

7.2.4VALIDATION

Validation testing certifies that package encounters manipulator's desires& necessities. It comprises gaging
system's functionality against corporate necessities& checking whether package fulfills its intended purpose.
Validation is often performed through user getting testing, where end-users test the system in a real-world
environment. For the proposed system, validation testing comprises congregation criticism since fiscal analysts,
investors, and other users to ensure the application meets their expectations for stock price prediction and
sentiment analysis. This difficult segment aids detect slightly gaps between the developed system and user
requirements, allowing for adjustments before the final deployment.

7.2.50UTPUT TESTING

Output testing verifies that the software produces the correct outputs based on various inputs and scenarios. This
level of testing ensures that the data presented to users, such as stock price predictions and sentiment scores, are
accurate and reliable. In the proposed system, output testing involves comparing the system's predictions against
historical data and known outcomes to validate their accuracy. It also includes checking the format, readability,
and presentation of the outputs on the web interface.

7.3 TEST CASES
Table3. Test Cases
Test Case ID Test Case | Expected Result Actual Pass/Fail
Description Result
TC-01 Upload an image of | The app Should | The app Correctly | Pass
Actinic  Keratosis | correctly  classify | classifies the image
Skin the image as | as Actinic Keratosis
Actinic  Keratosis | Skin
Skin
TC-02 Upload an image of | The app Should | The app correctly | Pass
Healthy Skin correctly  classify | classifies the image
the image as | as Healthy Skin
Healthy Skin
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TC-03 Upload an image of | The app Should | The app correctly | Fail

bike/leaf (other | correctly  classify | classifies that the
object) that the image as | image as Invalid
Invalid
7.4 TEST RESULTS

» Increased confidence in code modifications and maintenance. Improved code reusability.
» Accelerated development pace.
» Lower cost of fixing defects identified during unit testing. Enhanced code reliability.

Software engineers may ensure their schemes fulfill quality requirements, reduce possible faults, and offer
strong software solutions by using rigorous testing procedures and techniques. When it comes to software
applications, testing is crucial for reducing risks and improving overall performance and usability.

VIIl. CONCLUSION

The model introduces a groundbreaking method intended identify skin cancer using advanced CNN to ensure
precise & accurate results. It enhances accessibility by offering a user-friendly Flask web application,
addressing the practical needs of healthcare. The system not only predicts skin cancer except as well provide
expensive insight into its causes, suggests appropriate treatments, and offers probability estimations to support
informed medical decisions. Aiming to modernize skin cancer diagnosis, this approach seeks to significantly
impact healthcare by automating identification and delivering critical information for effective medical
intervention. The project represents a major step forward in improving the efficiency, accessibility, and
outcomes of skin cancer diagnosis and management. It aligns with the broader trend of integrating technology
into healthcare practices, addressing the need for efficient and accurate cancer identification.
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