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ABSTRACT

In forensic science, managing evidence is crucial. The evidence recovered from a crime scene is essential to
wrapping up the case and making sure the victims get justice. For this reason, it's imperative to protect these bits
of evidence from manipulation of any type. The procedure that guarantees the evidence's preservation is the
Chain of Custody. If the chain of custody is broken, the evidence may not be allowed to be used in court, which
could lead to the case being dropped.

Because forensic evidence management systems are environmentally friendly, it is becoming more and more
important to digitize them. These are digital ledgers that are split into blocks and made available to all users on
the network. They cryptographically record transactions in a chronological manner. The Linux Foundation
created the Hyperledger Fabric, a framework mainly intended for use in corporate applications. The current
study aims to create a framework and suggest an algorithm for the digitalization of forensic evidence management
systems and the upkeep of the Chain of Custody, drawing on the concepts of Hyperledger Fabric.
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I.INTRODUCTION

Different disturbances in an individual's thought and behavior patterns can result from a psychological
disorder. These disturbances can be minor or severe, and they might make it harder to go about your daily
activities and take care of your daily tasks. Well-known mental health issues like anorexia and depression
affect a great number of people worldwide. They may be the result of several stressful circumstances or one
traumatic incident. Furthermore, it is known that psychiatric disorders are more common in locations where
there is a high prevalence of violence or frequent natural disasters. For example, a 2018 study discovered that
17% of people in Mexico had a mental illness, and one in four people will have a mental illness at some point
in their lifetime [3]. Conversely, we frequently forget in today's culture that social connections can occur both
offline and online, thanks to social media platforms like Facebook, Twitter, and Reddit, among others.
Although there are certain challenges in this scenario, there are also a lot of opportunities.

If these difficulties are effectively handled, they may improve our comprehension of the means and purposes
of communication. To put it briefly, the goal of this study is to use automatic emotion recognition to analyze
social media content in order to find signs of anorexia or depression in the local community [4]-[6]. Prior
studies have concentrated on examining the tone and strength of emotions conveyed by social media users.
Predicting users' personal attributes, such as sexual orientation, political opinions, religious beliefs, income
levels, and personality features, has been the primary focus of these analyses [7], [8], [9], and [10], [11].
These results imply that social media emotion analysis can provide insightful information about user traits.
This information creates new opportunities for the use of emotional analysis in social media platform
diagnosis of anorexia and depression. This information creates new opportunities for the use of emotional
analysis in social media platform diagnosis of anorexia and depression.

The main focus of research in the past has been on using language and sentiment analysis to diagnose
depression and anorexia [12]-[14]. It is important to note that sentiment analysis, in particular the
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examination of the positive and negative elements, established the foundation for additional emotional
analysis applications within the same framework [15]. The aforementioned viewpoint emphasised the
possibility of emotional attributes such as "anger", "surprise”, or "joy" functioning as more sophisticated
substitutes for sentiment analysis that is broad or language-based.

In our previous work, we attempted to solve issue by providing a unique representation [16]. By combining
word embeddings with emotional lexicons, this representation offered a thorough depiction of user feelings.
We then used a clustering method to find sub-emotions, which we then called sub-emotions. This allowed us
to represent users more precisely and flexiblely and increased the accuracy of our depression detection.
Essentially, we believed that sadness would appear through a distinct pattern of emotion distribution when
compared to healthy individuals, therefore we attempted to capture the diversity and progression of sub-
emotions displayed by users. With an emphasis on expressing changes in sub-emotional expressions over
time, this work aims to further examine and improve our representation for sub-emotions, building on its
success.

OBJECTIVE OF THE STUDY

The aim of this project is to develop a computer learning system that, by analyzing emotional trends in social
media posts, can accurately identify indicators of mental health problems. The framework intends to
distinguish between ordinary emotional fluctuations and those that imply mental health illnesses like
depression, anxiety, or bipolar disorder by using techniques in natural language processing and sentiment
analysis. The principal objective is to create a readily available and adaptable tool for early detection and
intervention, which will aid mental health professionals in identifying persons who may be at risk and in
offering timely support and resources.

METHODOLOGY USED
Methods for Determining Psychological Disorders on Social Media via Emotion Signal Analysis
Step 1: Gathering Data

Information about communications on social media that have been devoid of personal identification is
gathered from various social media platforms. This phase is essential to guarantee that a wide range of
participants—spanning age groups, languages, and cultural backgrounds—reflect a variety of emotional
reactions.

Step 2: Cleaning the Data

A number of preliminary cleaning procedures are used to the gathered data, including the text content. These
include tokenizing the text, removing common terms or "stop-words," and standardizing the text in order to
prepare it for analysis. In order to find important emotional clues, emoticons, emojis, and other non-verbal
information are also examined.

Step 3: Extracting Emotional Features

Using natural language processing (NLP) methods, the study proceeds to the identification and measurement
of emotional traits. Measuring the text's overall sentiment (positive, negative, or neutral), the intensity of
each emotion, and the patterns those emotions arise in throughout time are all included in this. Training
models for emotion recognition and sentiment analysis are used in this step.

Step 4: Development of a Machine Learning Model:

The identified emotional qualities are used to refine a machine learning model, such as a complicated neural
network or supervised learning classification system. This approach can distinguish between emotional
patterns that are indicative of a specific mental health issue, such anxiety or depression, and those that are
typical.

Step 5: Assessment and Measurement:
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Following model refinement, the model is validated using a variety of cross-validation techniques and
assessed based on factors including accuracy, precision, recall, and F1-score. This stage guarantees that the
model can accurately and consistently identify mental health indicators in a variety of data sources.

Step 6: Concerns About Ethics:

Ethical concerns like permission, data confidentiality, and the appropriate management of personal
information are addressed throughout this process. An attempt is made to guarantee the privacy of the
identities of those who submit data.

1. LITERATURE SURVEY

A method for using data analysis to recognize individual depressive symptoms is presented in the
publication [1]. Users' posts on Facebook and Twitter, two popular social media sites, are the source of
the information. The data collected from users of social networking sites (SNS) is analyzed in this study
using machine learning techniques. Support Vector Machines (SVM) and Naive Bayes algorithms are
used in Natural Language Processing (NLP) techniques to classify the data in a more efficient and clear
way.

The work uses Natural Language Processing (NLP) techniques to develop an algorithm that can recognize
depressive symptoms in Facebook messages. People can use this platform as a medium to communicate
their opinions, feelings, and life experiences.

The study uses Multinomial Naive Bayes and Support Vector Regression (SVR) Algorithms as tools for
classification in the linked research paper to look at social media posts about mental health, notably for
signs of depression and anxiety.

The authors of the article [4] go over how to assess someone's degree of depression by evaluating and
encoding their feelings in text, utilizing emotion theories, implementing machine learning techniques, and
utilizing natural language processing methods on a variety of social media platforms.

In order to analyze emations, including despair, the document [5] aims to apply natural language
processing techniques on Twitter tweets. Every tweet is classified as either positive or negative based on a
predetermined set of terms that indicate traits of depression. Support vector machines and Naive-Bayes
classifiers have been used to create these classifications. The analysis's results are presented in detail,
highlighting the key performance indicators as the accuracy, confusion matrix, and F1-score.

In order to forecast suicide attempts by gauging the depth of depression, the paper [6] offers a method for
assessing depression and recognizing suicidal thoughts. Online questionnaires and real-time Twitter
updates were used to collect this data. Following that, based on the severity of the individual's ailment,
machine learning algorithms were used to prepare and classify people into five phases of depression.

2.1 EXISTING AND PROPOSED SYSTEM
. EXISTING SYSTEM

Advances in natural language processing and artificial intelligence have made it possible to identify
psychological problems from posts on social media. This study explores the identification of emotional
patterns associated with sadness and anorexia. In their online contacts, people with these disorders
frequently exhibit distinctive speech patterns and emotional responses. Through the analysis of text data
from social media platforms, researchers can identify trends such as elevated negativity, self-deprecating
language, or obsession with weight and body shape in the case of anorexia, and persistent sentiments of
sadness, hopelessness, or loneliness in the case of depression. These results are useful in the development
of software that could aid with mental health issue early identification, intervention, and support.

Negative aspects

1.Privacy Problems: There are a lot of privacy dangers when analyzing and scrutinizing people’s social media
posts in order to gauge their mental health.
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2. Unreliable Information: A person's true feelings or mental condition may not always be
reflected in information shared on social media. Users may use wit, irony, or sarcasm in their messages.

3.Lack of Background Information: Social media content is often brief and may leave out specifics or
explanations about a person's health or significant life events.

4. Legal and Ethical Conundrums: Using data from social media to diagnose mental health disorders raises
ethical and legal concerns about the accuracy of the diagnoses.

PROPOSED SYSTEM

The goal is to identify emotional patterns in social media postings and interactions that point to anorexia and
depression by utilizing advanced machine learning techniques and text analysis strategies. The algorithm will
scan a variety of material formats, including posts, replies, and exchanges, in order to identify specific word
choices and emotional indicators associated with these circumstances. It will be able to differentiate between
normal mood swings and severe symptoms through sophisticated mood assessment and profound meaning
comprehension, enabling timely identification and intervention. The ultimate objective is to provide helpful
information for professionals in mental health and people who offer support.

2.2 TOOLS AND TECHNOLOGIES USED
Technology

Python is a prominent computer programming language that is used for creating software and websites,
streamlining workflows, and conducting data analysis.

Python 3.5 and PyCharm

Python is an object-oriented, robust, comprehensible, and simplified programming language. It is a language
that emphasizes concision and employs symbols to represent thoughts. This facilitates the expression of ideas by
software developers in fewer lines of code.

There must be a project in mind before you begin any coding. By selecting the Projects option on the left, you
may look through a variety of projects.

2.3 DJANGO

Django is a sophisticated web framework built in Python that facilitates smart, visually appealing design and
quick iteration. Expertly crafted by programmers, it tackles a multitude of web development concerns,
freeing you up to concentrate on developing your application instead of wasting time. It has an open-source
and free license included.

Boa constrictor
Data analysis uses Python software called Anaconda, which was created to simplify board and tech
procedures. Software for data science is known for being compatible with Windows, Linux, and MacOS.

2.4 HARDWARE AND SOFTWARE REQUIREMENTS

HARDWARE REQUIREMENTS:
e System : Pentium i3 Processor.
e Hard Disk : 500 GB.
¢ Monitor : 15”° LED.
*  Input Devices : Keyboard, Mouse.
e Ram:8GB.
»  Camera: Web Camera.

SOFTWARE REQUIREMENTS:
e Operating System : Windows 10/ 11.
«  Coding Language : Python 3.7.0
*  Web Framework : Flask.
e Frontend : HTML, CSS, JavaScript.
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I11. SOFTWARE REQUIREMENTS SPECIFICATION

USERS

Emotional fingerprints on social media can be used to diagnose mental illnesses by analyzing people's online
behavior and clues to find signs of potential mental health issues. Computer programs are able to identify
patterns such as changes in emotional states, sadness, or a lack of social connection by analyzing speech
patterns, post attitude, and overall sentiment. This approach leverages the massive amount of data generated
daily on social media platforms to enable continuous monitoring and early detection of psychological
problems. People may take pleasure in the potential anonymity that social media provides, which may

encourage them to communicate more honestly about their challenges and feelings—possibly things they
wouldn't discuss face-to-face.

IV.SYSTEM DESIGN

4.1 SYSTEM PERSPECTIVE
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Fig 1. SYSTEM PERSPECTIVE

V.DETAILED DESIGN

+ USE CASE DIAGRAM
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. Flow chart of text sentiment analysis based on sentiment lexicon
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Fig 3. Flow chart of text sentiment analysis based on sentiment lexicon
Determining automatically whether a text leaves a good, negative, or neutral impression is the primary
objective of sentiment analysis. It's frequently used to examine user reviews of companies, goods, and
services that can be found on social media sites or in online reviews.

Sentiment analysis based on lexicons is a fast method of determining people's opinions based on the words
they use. It's not ideal because words can occasionally signify multiple things depending on the context, but
it's a straightforward way to automatically analyze large volumes of text and quickly gain insight when

needed.
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VI.IMPLEMENTATION
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Fig 7. Register form

In order to join up for events, courses, memberships, lists, and other services, a user fills out an enrollment
form, which consists of several sections, and sends it to an organization or individual. It makes it possible
to compile contact information and encourages people to get in touch with you using the online
enrollment form.
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* Login form
Detecting Mental Disorders in Sc
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Fig 8. Login form

A login page uses the user's information to confirm the user's identity before granting access. This often
consists of a password and standard username or email address. Still, more areas can be added to improve
the security of the website. A verification number, a Personal Identification Number (PIN), or a
mysterious statement may be included in these parts.

*  View Trained and Tested Accuracy in Bar Chart

SGD Classifier 77.44%

SVM 76.88% Logistic Regression 76.93%

Naive Bayes 74.13%

Decision Tree Classifier 71.64%

Fig 9.View Trained and Tested Accuracy in Bar Chart

Test precision gauges how effectively the trained model can identify photos that were not included in the
training data, whereas training precision relates to using the same images for both the assessment and
training phases.

*  Tweet Type Trained and Tested Results
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Fig 10. Tweet Type Trained and Tested Results

In an effort to deliver personalized medical care, user-perspective social media analysis is becoming more
popular; nevertheless, accurate classification of user-generated content is still a challenge.

*  View All Remote Users

VIEW ALL REMOTE USERS Il

USERNAME|  EMAIL | MobNo [Country| State | City |
Mahesh Maheshl123E@gmail.com 9535866270 India Karnataka Bangalore
Manjunath tmksmanjul3@Egmail.com 9535866270 India Karnataka Bangalore
Rajesh Rajesh123@gmail.cam 9535866270 India Karnataka Bangalore
Anil apEgmail.com 9916033035 India HA Gul

kp kpEgmail.com 9916033035 india Ka GUL
shilpa shilpa@gmail.com 8971068256 India karnataka Kalaburgi

Fig 11. View All Remote Users

Any person or entity that accesses a computer, network, or application from a location different from the
system's physical location is referred to as a remote user. The internet is the most popular means of doing
this, but there are other types of communication technologies that can be used as well.

VII. TEST CASES

Test Case ID Test Case Description Expected Result

TCO1 Upload social media post with |Post is uploaded successfully
normal emotional patterns

TC02 Upload  social media post |System correctly identifies as
indicating symptoms of |'Depression symptoms'
depression

TCO03 Upload social media post |System correctly identifies as
indicating symptoms of anxiety 'Anxiety symptoms'

TC04

| |[Upload  social media |System correctly identifies as |
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post indicating |'PTSD symptoms'
symptoms of PTSD
TCO05 Upload unsupported System displays appropriate error|
file format (e.g., |message
video file)
TCO06 Upload corrupted social media |System handles and processes
post post efficiently
« TESTRESULTS
Test Case ID Test Case Description Expected Result Actual Result
TCO01 Analyze social media |System identifies and |Pass

post  with positive |categorizes
emotional patterns

as 'Positive Emotion’

TCO02 Analyze social media |System identifies and [Pass
post with  negative |categorizes
emotional patterns

as 'Negative Emotion'

TCO03 Analyze social media |[System identifies and |Pass
post  with anxious |categorizes
emotional patterns

as 'Anxiety’

TC04 Analyze social media |[System identifies and |Pass
post with depressive |categorizes
emotional patterns

as 'Depression’

TCO05 Analyze social media |[System identifies and |Pass
post with erratic |categorizes as 'Erratic
emotional patterns Behavior'

TCO06 Pass

Analyze social media |[System identifies and
post with neutral |categorizes
emotional patterns

as 'Neutral'

VIII. CONCLUSION

In this work, we demonstrated how representations based on fine-grained emotions might capture more
particular subjects and difficulties that users who, regrettably, suffer from anorexia or depression
communicate in their social media posts. In other words, the automatically retrieved sub-emotions offer
pertinent data that facilitates the identification of these two mental illnesses. On the one hand, the BoSE
representation outperformed the suggested baselines, which included a few deep learning techniques, and
it also outperformed the outcomes of merely utilizing general emotions as features. However, the addition
of a dynamic analysis of the sub-emotions, known as A -BoSE, enhanced the identification of users
exhibiting anorexia and depression symptoms, demonstrating the value of taking into account how sub-
emotions change over time. Before moving on to a more direct examination of the findings, it is important
to note how both representations are easy to understand and maintain. Lastly, the potential to employ
social media data to model users' emotional behavior opens up new possibilities for wellness-promoting
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devices in the future. Technology of this kind can act as warning systems by offering comprehensive
analysis and information about mental disorders while protecting the privacy of the user.

This information may include the existence of mental illnesses in specific regions, and the authorities may
choose to offer emotional or professional support, which users may choose to accept or decline. We think
it's crucial to note that we might be concerned about people's privacy or some ethical issues when we
examine social media content. These issues arise from the use of potentially sensitive information,
considering the users' individual behaviors and emotional well-being. It is forbidden to misuse or handle
the data in any way; the experiments and use of this data are solely for study and analysis.

IX. FUTURE ENHANCEMENT

Future developments in the field of emotional pattern recognition in social media for the purpose of
diagnosing mental diseases may concentrate on improving the specificity and accuracy of detection
algorithms. This might entail incorporating more advanced context-aware sentiment analysis to take into
account various social contexts, machine learning models trained on a variety of datasets to enhance
generalization across various demographics and cultures, and more sophisticated natural language
processing (NLP) techniques to better interpret nuanced emotional expressions. Moreover, by recognizing
changing emotional states over time, real-time monitoring features may facilitate early intervention.
Prioritizing ethical issues can help to ensure that permission and privacy are maintained when using social
media data to provide insights into mental health.
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